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Abstract: Due to the needs of grid, experimenis and the shortcomings existed in the grid simulation toals, this paper

presents an approach for massive grid data modeling using Hadoop technology. By using the modeling
method'in this paper, researchers can dig out the core data, which is required in the grid experiment, from
the mass of data and then establish the mathematical model that the data needs. By using the experimental
data generated by this model, the accuracy and credibility of grid smulation experiments will increase.
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Step l:Define a Pattern p;//%E XK ABIEEHTD
Step 2:E €— parse (inputData,p) ;//¥FNEFANGHEEEE
Step 3:for each e in E:
for i=1 to n:
if M(e) € Ej
collect<i, 1> into outputMap;
else
collect<i, 0> into outputMap;
endif
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Step l:put all i in set S into a new set P;
Step 2:put all j in set S into another set Q;
Step 3:for all j in set Q:
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<property>
<name> fs.default.name </name>
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</property>
<property>
<name> mapred.job.tracker </name>
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