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Chinese Dialogue Text Summarization Model Based on Pointer Generator Network
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Abstract: Considering the problems that the traditional Seq2Seq model cannot accurately extraet key information from
texts and process words outside the word list in text summarization tasks, this stu‘!c'ly preposes a pointer generator network
(PGN) model based on Fastformer. The model combines the text summarization methods of extraction and generation.
Specifically, the Fastformer model is used to efficiently obtain the W(;rd embedding vector with context information, and
then PGN helps choose to copy words from the source text or use vocabulary to generate new summary information, so as
to solve the out-of-vocabulary, (OOV) problem that often occurs in text summarization tasks. At the same time, the model
uses the coverage mechanism to track the attention distribution of the past time step and dynamically adjust the
importance of words to solve the problem of repeated words. Finally, the Beam Search algorithm is introduced in the
decoding stage to make the decoder obtain more accurate summary results. The experiments on the dataset of auto-
diagnosis dialogues provided by Auto Master in Al Studio of Baidu show that the Fastformer-PGN model proposed in this
study achieves better performance in text summarization tasks of Chinese dialogues than the benchmark model.
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7 L I R A 22 A I TR D ) S AT R, T
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TEAT 2 B0 g v, A — AN [R) 20 4T A2 ik
i 8 I 28 i L J2 1 B K ABLVE RS ) e 45 2R,
W 2 W BT I TA) 25 1R 45 SRAE R T — AN )28 A Aok
SR H 25 R, e 2445 2R BRI ARAY 7 1. DT O b B

SRTET 5 5y L, AF 72 A A i A v R 5 — AN I 1) 22 B 45 3
ML S F B AL, 05 T 48R 2 5 vl Refidd, P DAAE
AT B R R {8 ] Beam Search S X fig
T A REAT AL

Beam Search S {1 e KRS T E T A
AT REME, JF 42 R 1 B 0 e A TEAT HE PR, (HAL R
B E BRI TR R, J5 TR 85 R kAT 4
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R AD b, FATIE IR SR AT HE e, B BT & A

Software TechniquesAlgorithm 3 FHA 5 229

© EREERREST  hup/iwww.c-s-a.org.en


http://www.c-s-a.org.cn

i E RSN

http://www.c-s-a.org.cn

2023 4F #5324 1

R KA, 75 F — AN D e, BATTRE 411 & A1
52 R0 kAR T HE A A, B R K
A, A5 BB Z 7 4. Beam Search &%
BIVSC5E T RS L, A AR AL A% RE 05 5 R 1) 4 =) B LA
Beam Search HIAM PR 4 532 1 Fios.

Beam Search FyEZE T — /N K/ANN k B9 H, BT LAET
H loss FHARIE RN, HE AR AT loss HET
PGN ZE/)N.

K2 BHEESY

351, Beam Search

H¥E: Graph (G), start word (w), goal word (g), beam size (k); 45 H:: ¥k
TR E L ], Bk beamSearch(G, w, g, k)

1 openList «— w

2 closedList «— empty list

3 path < emptylist

4 while openList is not empty do

5 b « best word from openList

6  openList.remove(b)

7  closedList.add(b)
8
9

if b is g then
path.add(b)
10 return path 3
11  end '

12 N« neighbors(h), '
13 for win N do .

14 if w is in neither closedList nor openList then
15 openList.add(w)

16 else if w is in openList then

17 if current parent path «<— old parent path then
18 Replace parents of w

19 end

20 end

21 if number of words in openList > & then

22 openList «— best k£ words in openList

23 end

24  end

25  return path

26 end

3.5 Lk

RS R, Biki@n Fastformer TR S5of
YN SCAHEAT | SORFARGENL, LI 15 51 i h
ITHRZEIE P N4 PGN KR, PGN AR FA33] [r) RN
YEREN 512, BBUZ4ERE Y 256. PGN wiit#ff FH 1)
XA LSTM %%, SEit R Adam SyEiE AT AL, WI4G
2% 0.001.

B AR R R RN B E N 30 000, FF FR il 5 S0 A
rh iR KRN ECE A 300, A2 R 22 1) de oK Rl T 2 E A PR
] 4 50. Fastformer-PGN 5 8 [#] 3= ELS 4 i3k 2 Fok.

KA A B S HON AR SRR AT I 25, 19211 loss
il 3 s, AR SCHALR A Fastformer 1F A Tidm 5 45,
] Beam Search fifht Bk AL B AL AR B B ), HH T
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ey HfH
Embedding size 512
Hidden state 256
Learning rate 0.001
Optimizer Adam
Batch size 32
Epoch \ 10
e --- PGN
% — Fastformer-PFN+coverage
\ 5 mechanism+Beam Search
4
2
1

Epochs

B3 RIS loss HZR

3.6 SELUIFNIERR

SEE K F ROUGE (recall- orlented understudy for
gisting evaluation)™” 1 ROUGE N%H ROUGE-L 1k
PG bRIE, 1 rfmmeNWWEAﬁﬁ

Zs €Ref Z grampes Countmaich (gramy)
Zs €Ref Z gramp€eS Count (gramy)
17)
Horb, A BEAGHEN TR E D n-gram WEE, 73T
D2 e TS Y 4 AN LA S 3L [F] () n-gram $a.

ROUGE-L Fia b AN T 47 BERIAR 1Y 45 L 1) e K
AFF T, R A B E IR L.

3.7 LER

N T B UEA SO R 1A R, A SO 3 g Y
SRR ) Fastformer-PGN #5784 33475 L.

ABS: Rush 252" F 2015 4E#2 H 3£ T Seq2Seq
BB, A = AL S T 2 A ) — A2
T B 3l SO ST 55 (10 A2 X SR 7k 2,
TEASCH, ¥ ABS HBEAUAE Ry A il A B R AR A 5
AR AT R L.

ROUGE-N =
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TextRank: %A@ it v B SCAR RG] 71 E
BV, REAS R B) 04T A8 T A T R 44 1)
TEEE, WA YA g e B X 2 %) i o A Y 5 AR S
RIBEAT R L.

PGN: FRET A= Bl ) 265 18 3o fuf FH 8 4 o) 24 SR feli A2 28
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