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Abstract: The tendency analysis of the judgment results in the judgment documents 1is the premise of completing the
lawyer recommendation system. How to effectively realize the tendency analysis of judgment results has been focused on.
This study proposes a biased analysis model based on attention‘ mechanism and BiGRU. First, training the word
embedding to obtain a word embedding table. Then, by looking up the word embedding table, the document data is
transformed into a word embedding sequence, and the word embedding sequence is used as input to train the judgment
result orientation analysis model. The' exi)erimental results show that the attention mechanism and BiGRU algorithm have
certain effectiveness inthe ahalysis of decision results. The model can make a reasonable judgment on the propensity of
the judgment results in the judgment documents, and provide a reasonable scoring basis for the realization of the later
lawyer recommendation system.
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