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Companion Recommendation Based on Trajectory Similarity

LIAO Wen-Jian'?, TIAN Xiao-Hu'”?, QIU Xiu-Lian'

'(Nanjing FiberHome Software Technology Co. Ltd., Nanjing 210019, China)
*(Wuhan Research Institute of Posts and Telecommunications, Wuhan 430074, China)

Abstract: With the development of mobile networks and intelligent terminals, the recommendation of the companion
based on high-quality users has become one of the hot topics in the Internet, and the recommendation algorithm about
companion is the crucial factor. In the past, the user location trajectory similarity recommendation algorithm was mainly
based on geographic location or base station data and the data sparse may resultin undesirable results. This paper
proposes a companion recommendation model based on the cosine similarity of IP sites. More comprehensive IP sites data
have been used instead of geographic data, and the date time data a_ré calculated for cosine similarity to eliminate the data
sparseness problem. Finally, the people with higher similarify and higher quality are recommended.
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