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Abstract: Bayesian networks are widely used in many fields. As a classifier, it is an effective classification method.
Bayesian network classifier is one of the most challenging problems, which makes the Bayesian network classifier
subject to many limitations in the application. Through the pairs of Bayesian network classifier algorithms’ approximate
treatment, it can effectively reduce the amount of calculation, and get satisfactory classification accuracy. This paper
analyzes a way to change discriminative score function to generative score function by approximation method. This way
is applied in Bayesian network classification algorithm. Finally, this paper uses the stability of new algorithm, proposes
a new classifier through integration called Bagging-aCLL. It uses ensemble to improve the accuracy rate of the
algorithm. The experiment test shows the classification accuracy rate of the algorithm have a good performance.
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Bl | MERR%) | HERE%) | HEHE(%) HERfIZE(%)
australian | 85.51(1.70) | 84.26(1.29) | 85.22(2.25) 86.57(0.52)
breast 97.66(0.45) | 96.46(1.10) | 96.19(1.11) 97.67(0.20)
chess 96.90(0.00) | 96.90(0.00) | 96.90(0.00) 97.65(0.99)
cleve 84.12(3.25) | 80.46(4.22) | 85.42(4.90) 85.42(1.24)
corral 99.22(0.00) | 99.22(0.00) | 99.22(0.00) 99.22(0.00)
crx 87.14 (3.46) | 86.85(4.53) | 86.99(3.89) 87.85(3.40)
diabetes | 78.91(9.24) | 79.29(10.24) | 78.91(10.29) | 79.25(9.26)
flare 82.55(2.36) | 82.16(2.37) 82.71(2;7) 83.31(2.12)
german | 74.20(7.21) 72.&9(7.63) 75.02(6.97) 75.02(6.88)
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hean"', 83.702.25) | 85.93(2.12) | 82.22(2.33) | 83.88(1.05)
hepatitis | 90.00(3.35) | 85.00(3.99) | 88.75(3.53) 91.05(3.16)
iris 94.00(1.94) | 94.00(1.94) | 94.00(1.94) 94.00(1.94)
letter 86.40(0.48) | 86.06(0.49) | 86.14(0.49) 86.10(0.49)
mofn 90.90(1.66) | 90.04(1.73) | 90.61(1.68) 89.06(1.05)
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