2010 8198 52 HA

HTENRENRA

K-means EEEHRECRMER S EBRMN A"

EEA 12

AR VOHEAFE REFR HE K» 410082;

2R L ¥R #wE K 410205)

S

AT AT T G E00 B BB Fe s BHE ARG LR, BAAE TR LMEIL “BP APS” 98 A

KB P HATH R, AP REIGE P, B0 AR 09 840 R . HIBEIZIHR T o9 K-means &£ x4t
R A AR BAT B K. K-means Fikitfrakit, ARB LA TAL LGB REr X255,

FHLF oAy Fe oG B P 5k,
Kk,

#15 CRM; #3344k, £ 9 45 %; K-means; B Rk

K-means Algorithm for CRM Customers in the Telecommunications Classification
ZUOGuo-Cai'?, YANG Jin-Min'
(1. Software School, Huan Univeisity, Changsha, 410082, China; 2. Hmnan Vocational Institute of Software,
Changsha 410205, China)

Abstract:

technology, telecommunications operators must establish a

With the sharp competition in the telecommunications market and the rapid development of information

3

‘customer-centric” management style to

classity customers. For different customers, different marketing strategies are developed. Data Mining in

the K-means clustering algorithm for large data sets can be efficiently classified. In this paper, K-means

algorithm is used in complex telecom customer relationship management to achieve more accurate and

comprehensive customer classi fication.
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c|‘ass Point{

string pk;

float x,y;

public float distance(class Point){

float d;

d=absx-Point.x)+abs(y-Point.y);

return d;}

public float distance(class Reference){

float d;

d=abs(x-Reference.x)+abs(y-Reference.y);

returnd;

1}
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class Reference{

float xm, ym, xs, vs;

int ns, dflag;

Arraylist ps;

public Refer ence(){

clflag=0; -

} g .

public float d_istance(EIass Reference){

float d;

d=abs(xm-Refer ence.xm)+abs(ym-Reference.y
m);

returnd;

1}
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public AQuster findMostNearestNeighbor(){

int mindex=0; / /S ik 2 7o 2 T oA

ArrayList <Cluster >

cList=this.neighbor Clusters.clusterList; / /#5£5&

int length=clist.size();/ /B 5

Cluster rds=cList.get(0),

PointND clsCenter =rCls.center;

double mindistance=

this.rowdata.squareDistance(clsCenter);

if(mindistance==-1.0)

System.out.printin("Error!");

[ RS NEN R E SIZEEINES

if(length>1){
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R

IOException{ / /#1788

for(inti=1;i<length;i++){

Cluster cls=cList.get();

PointND center =cls.center;

[ |EHEB RN
double newDistance=
this.rowdata.squareDistance(center);
if(newDistance<mindistance){
mindex=i;
mindistance=newDistance;}} .
rCls=clList.get(mindex);}
this.mostNearestCIuster=|:CIs;
returntds;}
[PARIER KRG R ARG 2K
private void classify(Matrix theDataSet){
ArrayList<Dataltem>
rows=theDataSet.rows;
for(int i=0;i<rows.size();i++){
Dataltem rowdata=rows.get(i);
Cluster Set
neighbors=rowdata.neighborClusters;
Cluster
cluster =rowdata.mostNearestCluster;
int labellndex=
neighbors.cluster List.indexOf(cluster);
labelindex ++;
rowdata.set[abel(""+|abe|lndex);}}
NEEALZESEE N DRt TR E BRI ERFEBIT R

public void randomSelectTest2(int num) throws

Matrix

ranMatrix=new Matrix();

ranMatrix.rows =(ArraylList<Dataltem >)dat
Set.rows.clone();
ranMatrix.height=dataSet.height;
ranMatrix.width=dataSet.width;

ClusterSet
ranClusters=this.initClusterSet(ranMatrix, num);
this.kMeansClustering(ranClusters,ranMatrix);
this.classify(ranMatrix);

this.saveFile();}
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