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Sign Language Recognition Based on Skin Color Model and Improved VGG Network

BAO Jia-Xin, TIAN Qiu-Hong, YANG Hui-Min, CHEN Ying-Rou

(School of Information Science and Technology, Zhejiang Sci-Tech University, Hangzhou 310018, China)

Abstract: The traditional sign language recognition only relies on the underlying features selected manually, which is
difficult to adapt to the diversity of sign language image background. A method of sign language recognition based on the
multi-factor skin color segmentation and the improved VGG network is proposed in the sf{de. The collected sign
language images are initially segmented by an elliptic model. The skin colot region is excluded according to the
maximum connected domain, and the skin color regions outside.the hand region is removed by centroid positioning
method, so as to realize the accurate segmentation of sign 1anguage images. The VGG network is improved by reducing
the number of convolution and full connection, which reduces the required storage capacity and the number of parameters.
The gray-scale image of the segmeﬁted sign language is taken as the input of the network, and the improved VGG
network is used to establish the recognition model of sign language. By comparing the different structure of the network
model of sign language recognition rate of the image, show that the improved VGG networks can effectively study
characteristics, the average image sign language recognition rate is above 97%.
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