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Semantic Segmentation of Character Targets in Images Based on FCN

LIU Xin-Liang, WANG Jing-Qiu

(College of Mechanical and Electrical Engineering, Nanjing University of Aeronautics and Astronautics, Nanjing, 210016, China)
Abstract: This study proposes an algorithm for semantic segmentation of targets in images based on fully convolutional
neural networks and a new method to make and augment dataset. The algorithm primarily segments the targets from
images using improved fully convolutional neural networks, OTSU method is applied to binarize images and segment the
general areas of targets, finally, the fully connected conditional random field algorithm is used to correct the general areas
of targets and get the final results. This algorithm achieves the accuracy of 85.7% and speed of 0.181' se‘itond per image on
test set, and prepares for further analysis of targets in images. : :

Key words: semantic segmentation; Fully Convolutional Neural (FCN) netvv’v,orks; OTSU method; fully connected

conditional random field
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