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Fuzzy C-Means C!ustel‘iﬁg Recommendation Based on Differential Privacy Protection

JIANG Zong-Li, QIAO Xiang-Mei
(Faculty of Information Technology, Beijing University of Technology, Beijing 100124, China)

Abstract: The users are classified by different membership degrees with fuzzy C-means clustering. A more accurate
clustering effect has been obtained and the problem of low recommendation accuracy caused by hard clustering is solved.
Aiming at the privacy leakage problem of recommendation algorithm, the Laplace noise is introduced into the fuzzy C-
means clustering process, and the differential privacy protection based fuzzy C-means clustering recommendation is

% \
implemented. The experimental results show that the proposed algorithm can effectively improve the security of the

recommended system with the good quality of the recommendation.
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