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Scene Text Detection Based on Feature Fusion Network

YU Zheng, WANG Qing-Qing, LYU Yue
(School of Computer Science and Software Engineering, East China Normal University, Shanghai 200062, China)

Abstract: At present, scene text detection based on deep learning has achieved good performance in complex background.
However, it is difficult to precisely detect text with small scale. To solve this problem, this study proposes a deep neural
network based on feature fusion, and a new neural network with senior semantic is constructed by’co\mbining the high-
level feature and low-level feature of traditional deep neural network. Strong“semantic information of the high layer
network is utilized to improve the overall performance of the neural network, and the feature fusion network directly
predicts text with multiple scales through multiple output layers. E)&perimental results on ICDAR2011 and ICDAR2013
datasets show that proposed method is significantly effective in detecting small scale text. Meanwhile, the proposed
method has high accuracy and robustness in scene text detection, and the F-measure achieves 0.83 on both datasets.

Key words: deep learning; natural scenej text detection; feature fusion; text bounding boxes
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