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Fatigue Driving Detect‘ion Algorithm Based on Deep Learning

DAI Shi-Qi, ZENG Zhi-Yong

(College of Mathematics and Informatics, Fujian Normal University, Fuzhou 350108, China)

Abstract: A fatigue driving detection algorithm based on deep learning was proposed to solve the problem of poor
practicability or low accuracy of existing fatigue driving detection algorithms. First, the Histogram of Oriented Gradient
(HOG) feature operator was used to detect the presence of human faces. Secondly, the feature points model was used to
realize the face alignment and segment the eye and mouth regions. Finally, the fatigue features of the driver’s eyes were
extracted by the deep convolutional neural network, and the fatigue features of the driver's mouth were fused to carry out
fatigue warning. Experiments show that the proposed method can achieve significant performarﬂ:e improvement in terms
of accuracy and real-time performance of fatigue driving detection. ) = !

Key words: Histogram of Oriented Gradient (HOG) operator; fea_tlire point model; deep learning; convolutional neural

network; fatigue driving detection
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