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Feature Extraction for Users’ Trajectories in a Period Based on Filter-Refinement Strategy
YANG Dong-Shan, ZHANG Xiao-Bin
(School of Computer Science, s(i’an Polytechnic University, Xi’an 710048, China)

Abstract: Finding features of users’ trajectories in a period of time is one of the key point to realize user’s personalized
recommendation service. In this paper, how to find the interests in a period from the large amount of user’s trajectories is
presented with a filter-refinement strategy. In the filter step, the user’s trajectories in the same period for several certain
days are clustered based on density to obtain the user’s stops; in the refinement step, the stops are clustered to obtain the
user’s interests. Finally, experiments show the effectiveness of this work.
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