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Body Height Measurement Algorithm in Key Frame from Surveillance Video

WEI Wei, LV Yan, SHI Ke-Hong

Y(School of Computer Science and Engineering, Hebei University of Technology, Tianjin, 300401)

?(Mathematics Research Center, Shijiazhuang 050024)

Abstract: It is i_rnportanf to.find what we need from the massive video, thus the research of key frame extraction
algorithm is becoming more and more hot. First, the paper present the algorithm about extraction key frames from the
surveillance video. Then camera calibration and vanishing point is used to analyse and calculate the height of human
body. The result showed that semantic distance based on color histogram is more suitable for extracting key frame from
the surveillance video. Meanwhile this algorithm of human body height is very feasible and accurate. So the algorithm

has practical value.
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