LRGN ISSN 1003-3254, CODEN CSAOBN E-mail: csa@iscas.ac.cn
Computer Systems & Applications,2023,32(6):115—120 [doi: 10.15888/j.cnki.csa.009140] http://www.c-s-a.org.cn
O E RGBT TR . Tel: +86-10-62661041

ET BERT HIH X [EITIO)ZE R E

EEY, FEFl

(R YR THEHLAA R, 1M 510631)
BEEE L Y1, E-mail: david@scnu.edu.cn
2 S, TR h AR AR R BT USSR R DU T BT R 2 I, (4% G038 R 51 R TRiE R A N
SE BRI DU B I, Toidi A 5 oK. DA, AR SO B R RT3 [ 5 R 6. % R 7 5T U,
ST FHNE d b RREL T KB B 508 4 HARRETE Neodj I HHs e b e 2 7 AR Bl e [RIIF, h9 7 i R ST Rt it —
A B P R BT W I 1] ), ACSCER T & T BERT LA J BERT-BiLSTM-CRE #8443 51 F 115 1) il ) v 1 2= (S
SR SRS BB 7. R, 2 G0 R RN S 3 R R R R 17 25 9 T P SR G e R 1, SR T R
I 1R R SRR .

KSR BERT; 1R &I 2 B 18 o 7

SR L, ABYLEETF BERT [ SCEEST W% R 48 5L R S8 ,2023,32(6):115-120. http://www.c-s-a.org.cn/1003-3254/9140.html

Chinese Medical Question Answering System Based on BERT

WANG Zhi-Ming, ZHENG Kai
(School of Computer Science, South China Normal University, Guangzhou 510631, China)

Abstract: Nowadays, a large amount of medical domain knowledge on the Internet can be used for medical diagnosis, but
traditional search engines cannot make reasonable judgments based on the actual situation of patients and fail to meet the
needs of use. Therefore, this study mainly develops a question-answering system based on a knoyvlnge graph. The
system is applied to the medical field, which uses crawler technology to obtain a large amount of medical‘data and stores
them in the constructed medical knowledge graph of the Neo4j graph database. At the same time, in order to enable the
system to further understand the user’s medical questions, this study propo‘ses.'methods based on BERT and BERT-
BiLSTM-CRF models for identifying intent information and entity“‘information in questions, respectively. Finally, the
system uses the intent and entity information to make a query in the knowledge graph and provides users with appropriate
answers, thus completing the construction of a medical question-answering system

Key words: BERT; knowledge graph (KG); intent recognition; slot filling
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