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Abstract: Target recognition in urban remote sensing images can help monitor the types of urban features and is a hot
research topic in recent years. However, the traditional pixel-based method cannot make full use of the features of high-
resolution remote sensing images, whereas the traditional object-based method cannot accurately extract the objects. To
address the shortcomings of the traditional methods, this study proposes a method of target recognition in urban remote
sensing images based on the multi-feature space and its optimization. This method takes the two traditional methods as the
premise, combines pixel features with object features, and constructs the multi-feature space by supplementing depth
features provided by the VGG19 network. The XGBoost algorithm is used to select features in the multi-feature space. An
optimal feature space is established and sent to the random forest recognizer to achieve the target recognition in urban

remote sensing images. The experimental results show that the recognition accuracy of the proposed method is 87.89%,

O REETH: FRERFFEREFTEILSE (41701491); WEE ARSI ER LI H (2017101464, 2018101619)
YRR 1] 2021-07-11; &R ]: 2021-08-04, 2021-08-17; R FHIRF ] 2021-08-27; csa 1E 4 H RN ] 2022-02-21

316 W7t JF K Research and Development

© EREERREST  hup/iwww.c-s-a.org.en


http://www.c-s-a.org.cn/1003-3254/8458.html
mailto:cas@iscas.ac.cn
http://dx.doi.org/10.15888/j.cnki.csa.008458
http://www.c-s-a.org.cn

20224F #5314 5

http://www.c-s-a.org.cn

i H AR SN A

and the Kappa coefficient is 0.83, which means this method displays a high recognition capability in the study area and is

an effective method for target recognition in urban remote sensing images.

Key words: multi-feature space; feature selection; urban remote sensing image; target recognition
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