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Structural Information Recognition of VAT Invoice

TANG Jun, TANG Chao
(Sichuan Homwee Technology Co. Ltd., Chengdu 610041, China)

Abstract: To simplify the processing steps of VAT invoices and improve recognition accuracy, we propose a method
based on HRNet and YOLOvV4 to extract structural information of VAT invoices. Firstly, we detect predefined keypoints
in the VAT invoice with the HRNet method to align the invoice to a standard template. Then detect the structural
information cell in the invoice by YOLOv4. And lastly use CRNN to recognize the cell block image to"obtain structural
data. The experimental results on real business VAT invoices show that the propesed method ge'.t‘s a detection accuracy of
75.7 at 0.5 mAP, reaches a detection speed at 12.85 fps, and achieves an Eleﬁlenf Correct Ratio (ECR) at 69.30%.
The results indicate that the proposed method can simplify the procgés and improve the accuracy of recognition, and it can
apply to the scene where requires high real-time performance and needs to deal with complicated noise situation.
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