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Text Case Classification of Safety Production Accidents Based on Word2Vec Word Embedding
and Clustering Model
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Abstract: The analysis of safety production accidents is of great significance to the improvement of emergency
management ability. Based on the semantic analysis of safety production cases) Word2Vec eﬁ;bedding technology and
clustering model are used, CBOW + negative sampling technology is used'to realize word vector, and the data
characteristics of safety production accident cases classification aré combined, through semi-supervised learning based
clustering model algorithm, according to the characteristics of the accident nature, an optimized initial clustering center
algorithm is proposed, and K-means clustering algorithm is used to classify the text cases of safety accidents. The
experimental results showthat the proposed method can realize the classification of accident cases, and can be used for
reference in the multi—dimens’ioﬁal analysis of accident.
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