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Analysis of User Sentiment Trend and Concern Based on Mask Review Data

ZENG Zhi-Wei, DIAO Ming-Guang, WANG Xin-Peng, HE Bing-Hui
(School of Information Engineering, China University of Geosciences (Beijing), Beijing 100083, China)

Abstract: In order to analyze the sentimental focus of the comment data from users of masks during 'thé"outbreak of virus,
we extracted 143 330 comments about the purchase from Taobao users from March 1st to April.11th, 2020 by means of
the Web Scraper of Google browser. To improve the accuracy of the sentimenta"t_l estimation, each comment of the total
14 400 pieces was manually marked as positive or negative emotion on this data set."And then we used SnowNLP, the
sentimental analysis model to train them. At last, the trained corpus was used for sentimental estimation. The overall
sentiment of the comments was proved positive. On'the basis of the daily emotional variation trend of users’ comments,
the trend of local new cases (excluding overseassinput) to some extent affects the overall change of their daily emotional
trend. And the local fluctuation trend of domestic new cases (including overseas input) also affects that of the everyday
emotional performance, After clvassifying the predicted comments, we found that users’ positive comments focused on the
quality, packaging, price, and thickness of masks, while negative comments focused on the quality, packaging, smell, and
whether the masks were for medical use.
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