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Grid-Based and Information Entropy-Based Clusteri\ng Algorithm for Multi-Density

ZHOU Yue-Lai, TAN Jian-Hao

(College of Electrical and Information Engineering, Hunan University, Changsha 410012, China)

Abstract: Although many existing clustering aigorithm can find the arbitrary shape and different size clusters, but it is

difficult to obtain satisfactery results for multi-density data set. In order to improve the quality and efficiency of

clustering algorithm, the paper presents a new improving precision clustering algorithm based on grid and information

entropy, which through information entropy which carried by the different densities of grid to automatically calculate the

density threshold, and then identify different clusters in the multi-density data set. Experiments show that the algorithm

can wipe off the noise effectively and find out the multi-density clusters that have better clustering results.
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