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An Intrusion Detection System Based on Data Mining
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P, = miningSupporiRule (T,s,c); //

S = selectSupportRecord (P, ) ; // P,

T=T-S,// P,
P, = miningSupportRule (T,s —a,c -b); //

return;
End
ITl=n miningSupportRule (T,s,c) ,se-
lectSupportRecord ( ) o(n),
Oo(n),
3.3.2
P,
N, B
: P
Init P"=P,.// P =P,
For(i=0i<IPl;i+ +)
For(k=0.k <INI.k+ +){
intsimilarity ;
similarity = Computer (N, ,P,;) ; // N k
i
if ( similarity >B) {
P’ =P’ =P, //
break .
}
|
return P’ .
End
INI=n,IP]I=m, 0
(mn),
3.3.3
P, P’ ,
4
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